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Device Level Demand Forecaster

A Flexibility market highly relies on the performance of the energy demand forecast model, to generate legitimate flex-offers.
Any error in demand forecast results in invalid flex-offers and a market suffers a financial loss. However, most of the existing
models are tailored made and tuned to specific dataset or forecast horizon. Therefore, a market player has to evaluate various
forecast models to select the one with the best performance for each device/ device type.
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