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Fig. 1. Clustering. (a) DBI test. (b) Clustering with industrial
consumers. (c) Power-clustering of residential consumers. (d) Pattern-
clustering of residential consumers.
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Fig. 1. Validation. (a) Conumption of user with HP1l. (b)
Ota Flex Estimation of HP1 consumption. (c) Conumption of user with
HP2. (d) Estimation of HP2 consumption.



	Slide Number 1

